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𝑝(𝑦∗|𝑥∗, 𝐷) = ∫𝑝(𝑦∗ 𝑊,𝑥∗ 𝑝(𝑊|𝐷)𝑑𝑊

Learning

𝐾𝐿[𝑞 𝑊 ||𝑝 𝑊 𝑋, 𝑌 ]

-∫𝑞 𝑊 log 𝑝 𝑌 𝑋,𝑊 𝑑𝑊 + 𝐾𝐿[𝑞(𝑊)||𝑝 𝑊 ]

Gal, Yarin, and Zoubin Ghahramani. “Dropout as a bayesian approximation: Representing model 
uncertainty in deep learning." international conference on machine learning. 2016.
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Conclusions

A novel two-stage label refinement framework1

Bayesian neural networks to indicate the label with a
high probability of being wrong2

Two-stream self-attention networks for modeling long-term
labal dependency and word-label interaction3


