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想好一个 Idea 能否代码实现 资源够不够用

Idea 是否有效 是否拼命三郎 论文写得好不好 Reviewer 是否认可



2017/6  EMNLP论文被接受

2017/3  ACL论文被被拒

2017/11  AAAI论文被被拒

2018/2  ACL论文被被拒

2018/3  IJCAI论文被被拒

2018/6  EMNLP论文被接受

关键是坚持
坚持的动力是有自己的目标

啃一些硬骨头

把问题想得极端

打破惯性思维



目标 1：啃一些硬骨头
开始一件事容易，坚持一件事困难



阳光大道 幽林秘境

如何走进 NLP 大门



社交媒体

表现形式多样“社会化”属性自发传播



热点追踪

明年他要 C 位出道
这是神马规矩

I 服了 U！
皮一下，很开心

⾮规范性



Tweet POS Tagging

http://www.cs.cmu.edu/~ark/TweetNLP/

MEMM Tagger 
+Twitter orthography 
+Frequently-capitalized tokens 
+Traditional tag dictionary 
+ Distributional similarity 
+ Phonetic normalization 
+ Unsupervised Word Clusters 
+ Emoticons and Emoji 
+ Lexical Features 

@DORSEY33 lol aw i thought u 

was talkin bout another time . nd i dnt

see u either ! 

USR UH UH PRP VBD PRP 

VBD VBG IN DT NN . CC PRP VBP  

VB PRP RB .

标注非常少

旧词新意、再造新词

不遵循通常的语法、语用



标注规范学习

图片来自https://kuaibao.qq.com/s/20190724A0N2U200?refer=spider

机器学习方法复现

Phonetic normalization
Word Clusters 

Emoticons and Emoji
……

Feature extraction

Twitter 数据爬取 训练词向量讨论可行方案

每一篇论文都是汗水的结晶

深度学习框架 对抗理论 开始训练 论文撰写 论文发表



图片来自https://kuaibao.qq.com/s/20190724A0N2U200?refer=spider

有了前面的基础，更重要的是想出好的 idea

HyperNet 开始训练 论文撰写 论文发表

RT @jamstik : Lol :)  there is more than one way to 
start living a greener life.

As their varied strategies suggest , there is more than one 
way to respond to a disaster.

Wall Street Journal Section of Penn Treebank

Treebank-3 (LDC1999T42) /07/WSJ_0799.POS

我们需要部分迁移



目标 2：把问题想到极端
真理往往掌握在少数人手中，坚持 idea 的闪光点很重要



Single task learning

Multi-task learning

A Joint Many-Task Model: Growing a Neural Network for Multiple NLP Tasks, EMNLP 2017



Two difficulties:
1. a sufficient number of related tasks
2. a sufficient number of related tasks

Identifying beneficial task relations for multi-task learning in deep neural networks, EACL 2017.



Single task learning

Multi-task learning

极端情况

Only one task exists

How to construct
Multiple Tasks for Augmentation
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ACAI

真理往往掌握在少数人手中，坚持 idea 的闪光点很重要



Big improvement in all aspects
- Few-shot learning
- Semi-supervised learning
- Incorporate with data augmentation
- High-resolution images
Even the result increased by 10% accuracy



目标 3：打破惯性思维
坚持打破舒适圈



As for Label Decoding Layer

Softmax CRF Seq2seq

Label Decoding Layer

Text Encoding Layer



Decoding Methods Strength Weakness

Softmax parallel decoding No label dependency

CRF Local label dependency Viterbi decoding

Seq2seq Long-term label dependency Sequence decoding

Comparison of different label decoding methods

As for Label Decoding Layer



Decoding Methods Strength Weakness

Softmax parallel decoding No label dependency

CRF Local label dependency Viterbi decoding

Seq2seq Long-term label dependency Sequence decoding

As for Label Decoding Layer
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Uncertainty-Aware Label Refinement for Sequence Labeling
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Tao Gui, Jiacheng Ye, Qi Zhang, Zhengyan Li, zichu fei, Yeyun Gong and Xuanjing Huang
Uncertainty-Aware Label Refinement for Sequence Labeling, EMNLP 2020.

Uncertainty-Aware Label Refinement for Sequence Labeling
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Bayesian NNs for
Uncertainty Estimation

Uncertainty-Aware Label Refinement for Sequence Labeling
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如果你觉得很累吗

万事开
头难

把问题
想得极
端

打破惯
性思维



如果你觉得很累
那是因为你在走上坡路

万事开
头难

试着找
难题突
破

打破惯
性思维


